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PingThings PredictiveGrid™ Overview

Horizontally scalable time series

Asynchronous or streaming database complete with queries Integrated support for: Use the data in any way Use our expanding suite
data ingest from any based on: * Signal processing at scale you can imagine with of applications or build
sensor, historian, file « Network topology  Deep learning robust and precise your own.
format, and more. « Geospatial information e Big data analytics access control in

e Metadata * Scalable computing numerous languages.

Data Visualization

Time Series Database

C37.118

Compression, Data Cleansing, ‘ |EI'ISOI'F|0W Real-time Interactive Data
and Stream Statistics on Digest Exploration
COMTRADE
Customizable Real-time
fix. y. z) P+jQ Dashboards
el LA LY = 1=
GEP/STI—P iln:-l=:---.l Spﬁ(}lﬂlllﬁd Use Cases
L ]
LTRRA 24 Vi cosb Distillate, = et Detection

Bespoke Web and
Mobile Applications

o%p RAY

CSV, .d, .d2

Data Analytics

Spreadsheets, CSV

o — Ad-hoc Analytics in Python,
Jupyter R, MATLAB, etc.

Meta Data

__________
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Access Control

O Rapid Deployment of
Production Analytics

Storage & Query

Ingest
Applications




Competitive Dominance with Cost Effectiveness

More Scalable

Horizontal Scalability in
Data and Analytics

Scales to

» petabytes of data

* millions of streams
 MHz sampling rates

e 100’s of millions of
points/s

11/6/2020

= »:_ Timescale
ey PingThings
L Influx

Faster

Blazing Fast Performance

>10-1000x faster

Proven 10,000x faster for
common operations

Log(n) aggregations
Read 15M pts/s/node
Write 30M pts/s/node

FuliParaliofirsert MPPS Across Dufferent Parame ors

Built for Analytics

Analytics and Al at Scale

Custom distributed signal
processing framework

Rapidly develop and
operationalize use cases

Integrates with leading
big data frameworks

This document is proprietary. No part of this document may be disclosed in
any manner without the prior written consent of Ping Things, Inc.

Cost Effective

Designed for ROI

Scale compute and
storage independently

Leading data compression

Intelligent storage tiering
to optimize cost and
performance

Multiple levels of
redundancy

Fully containerized
Horizontally scalable
Intrinsically distributed

Cloud agnostic

10
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World Class Team — Quadrupled in Size

Sean Patrick Murphy
Chief Executive Officer

RS
~ -
N B

Fasd UNIVERSITY OF

|" v JOHNS HUPKINS

UNIVERS

© Berkeley

-!-—

 Built million-dollar data consulting firm

» Senior scientist at JHU APL focused on time series
analytics and high-performance computing

Dr. Michael Andersen (@) e VIRGINIA Nebiika
Chief Technology Officer

Lincoln

PhD, EE and CS, U. of California Berkeley @) Georsetown ﬁiﬁmwwx Google
Dissertation: Practical Decentralized Authorization With Delegation - oy -
Described by UCB Dean as a “generational talent” An Incredible Technical Team

This document is proprietary. No part of this document may be disclosed in
any manner without the prior written consent of Ping Things, Inc.
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